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and children’s education is driven by college-educated mothers reading to their children and 
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1. Introduction 

Educational attainment is an important predictor of labor-market and social outcomes and 

a mechanism for economic and social mobility (e.g., Card, 1999; Checchi, 2006; Ellwood & 

Kane, 2000; Lochner, 2011).  Accordingly, a large literature is devoted to the critical task of 

identifying the determinants of educational attainment (e.g., Haveman & Wolfe, 1995), with 

several studies focused on family socioeconomic characteristics, including parents’ schooling 

and permanent income (Blau, 1995; Ladd, 2012).  These characteristics strongly predict 

cognitive development and long-run socioeconomic outcomes in the United States (Dahl & 

Lochner, 2012; Hardy, 2012; Ladd, 2012; Rothstein & Wozny, 2011).  As a result, education 

policy frequently attempts to remedy socioeconomic inequities by considering how educational 

attainment is transmitted across generations.  If, for example, persistence in educational 

attainment is driven by the aforementioned differences in household income, the appropriate 

policy response may be some combination of means-tested K-12 programming, along with 

educational grants and loans for post-secondary education.   

However, focusing solely on income ignores well-documented socioeconomic 

differences in home environment, parental involvement, and summer learning loss that may 

contribute to inequities in educational attainment and achievement (e.g., Downey, von Hippel, & 

Broh, 2004; Gershenson, 2012; Kalil, Ryan, & Corey, 2012; Todd & Wolpin, 2007).  Indeed, 

several authors speculate that greater levels of parental involvement or access to “school-like” 

summer activities observed among better-educated parents may be one mechanism through 

which the intergenerational transmission of education operates (e.g., Checchi, 2006; Entwisle, 
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Alexander, & Olson, 2001; Guryan, Hurst, & Kearney, 2008; Ramey & Ramey, 2010; Reardon, 

2013). 

With this in mind, we examine the roles of parental involvement and children’s 

participation in organized summer activities that previous studies have found to be positively 

associated with academic achievement (e.g., Avvisati, Besbas, & Guyon, 2010; Covay & 

Carbonaro, 2010; Kim, 2006) in transmitting educational attainment across generations.  Our 

results suggest that parental involvement and participation in organized extracurricular activities 

promote educational persistence across generations, factors to this point omitted from standard 

models of educational mobility.  To the extent these inputs influence educational mobility, 

targeted subsidies of extracurricular activities and mentoring programs might increase 

educational attainment among socioeconomically disadvantaged students.   

We augment a standard model of educational mobility to include non-separabilities in 

parental involvement and children’s participation in stimulating summer activities using rich data 

linking mothers in the 1979 National Longitudinal Survey of Youth (NLSY79) to their adult 

offspring.  Additionally, we examine whether and how the relationship between parental 

involvement, participation in organized activities, and educational attainment varies by 

household income, child’s gender, and family structure.  In our study, the unconditional 

intergenerational education correlation coefficient is approximately 0.3, which is consistent with 

estimates by Hertz et al. (2007).  After controlling for a standard set of socioeconomic and 

demographic controls, the coefficient on mothers’ education falls to about 0.16, consistent with 

estimates produced by identification strategies using twins (Pronzoto, 2010) and related natural 

experiments (Oreopoulos, Page, & Stevens, 2006).  Interestingly, conditioning on proxies for 
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parental involvement and children’s participation in summer activities does not initially change 

the estimated coefficient of about 0.16.  However, parental involvement and children’s 

participation in stimulating summer activities have direct effects on educational attainment that 

are significantly stronger for children of college-educated parents.  One possible interpretation of 

this result is that one of the mechanisms through which education is transmitted across 

generations is the richer non-school experiences of children of highly-educated parents, which 

suggests that more parsimonious specifications of educational mobility models may be omitting 

important determinants of both educational attainment and the intergenerational transmission of 

education.  Alternatively, it could be that measures of parental involvement and children’s 

participation in summer activities merely proxy for the unobserved child-rearing practices or 

investments in children’s human capital development implemented by such parents.  

Nonetheless, the positive association between parental involvement and educational attainment is 

robust to controlling for a rich set of observable parental and family characteristics, unlikely to 

be entirely spurious, and consistent with intergenerational mobility models that predict positive 

returns to parental investments in children’s human capital of the sort described in section 2.  

 

2. Econometric Model 

Beginning with the seminal work of Becker and Tomes (1979, 1986), numerous scholars have 

developed and tested the hypothesis that parents transmit socioeconomic characteristics onto 

their children (e.g., Blau, 1999; Bloome & Western, 2011; Guldi, Page, & Stevens, 2007; Solon, 

1999).  However, these studies do not typically control for the wide range of human capital 

investments made in children, specifically those investments made outside of formal day 
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schooling such as parental involvement and participation in organized extracurricular activities. 

The current study extends standard empirical models of the intergenerational transmission of 

education to include measures of parental involvement and children’s participation in summer 

activities that are known to positively influence educational achievement: the frequency with 

which mothers read to their child (Phillips, 2011), participation in organized summer activities 

(Borman, Goetz, & Dowling, 2009), and summer reading (Kim, 2006).  In doing so we further 

our understanding of the mechanisms through which educational attainment is transmitted across 

generations.   

Consider the following adaptation of a basic intergenerational model (e.g., Ermish & 

Pronzato, 2011) that assumes a linear relationship between educational attainment (S, measured 

in years of schooling) across generations, where families are indexed by i and generations are 

indexed by t: 

 

(1) Sit = α + ρSi,t – 1 + εit. 

 

In (1), ρ is a descriptive parameter that captures the intergenerational persistence of 

educational attainment.  The idiosyncratic error term εit is likely correlated with Si,t – 1, as the 

former can be decomposed into the child’s given endowment of educational and income capacity 

(eit) and “luck” (uit).  While the idiosyncratic luck term is stochastic and inherently unobservable, 

a subset of the elements of eit are observed (e.g., family income, birth cohort, etc.).  However, 

many elements of the child’s educational income capacity are unobservable, such as innate 

ability, social networks, neighborhood quality, and so on.   
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Expanding the parsimonious specification of (1), we follow Bloome and Western (2011) 

and Blanden, Gregg, and Machin (2005) in relating mobility to educational attainment and 

control for a standard set of household SES and demographic characteristics (xit).  Capacity for 

investment in human capital, which shapes educational attainment Sit, is determined in part by 

parents’ income (Mi,t – 1) (Solon, 2004). Thus, the educational attainment of generation t is:  

 

(2) Sit = α + ρSi,t – 1 + γMi,t – 1 + βxit + eit + uit.  

 

Underlying equation (2), child’s educational attainment reflects the result of parents’ t – 1 

allocation of income and time resources between consumption for themselves and human capital 

investment in their children (Becker & Tomes, 1979; Solon, 2004).  Generally, (2) is similar to 

specifications considered in previous work on economic mobility and the determinants of 

educational attainment (e.g., Blanden et al., 2005; Duncan & Brooks-Gunn, 2000; Ellwood & 

Kane, 2000; Ermisch & Hertz et al., 2007; Pronzato, 2011). 

The primary contribution of the current study is the generalization of (2) to include 

measures of parental involvement and children’s participation in summer activities, thus 

formalizing the insights of Blau (1999) and Guryan et al. (2008), among others.  Specifically, we 

augment (2) to include a vector of measures of parental involvement and participation in summer 

activities (p) both additively and multiplicatively: 

 

(3) Sit = α + λpit + ρSi,t – 1 + δpit×Si,t – 1 + γMi,t – 1 + βxit + eit + uit.  
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Equation (3) is a reduced-form representation of the intergenerational transmission of education, 

conditional on income and other pre-education environmental influences, which motivates the 

main estimating equation.  The subscripting is modified in (4) to stress that children are the unit 

of analysis and that some mothers have multiple adult children.  Specifically, for each adult child 

i of mother j, we estimate the following model of educational mobility 

 

(4) Sij = α + λpij + ρSj + δpij×Sj + γMij + βxij + νij, 

 

where ν is an idiosyncratic child error term that contains the elements of eit and uit not controlled 

for by the model’s covariates.  Equation (4) is estimated by OLS, where mothers’ AFQT scores 

proxy for unobserved maternal ability and x includes a set of children’s birth-cohort fixed 

effects.1  The elements of p and x are described in section 3.  Standard errors are clustered at the 

mother level to make statistical inference robust to arbitrary heteroskedasticity and within-family 

correlations in siblings’ composite error terms created by unobserved family effects.   

 Several generalizations of the baseline estimating equation (4) are considered as well, 

both to verify the robustness of the results and to investigate potential heterogeneities in the 

intergenerational transmission of education.  First, we replace mothers’ years of schooling (Sj) 
                                                 
1 The 2006 revision of mothers’ AFQT scores that adjusted for the age at which the test was 
taken are used.  See the discussion in Altonji, Bharadwaj, and Lange (2012) or the definitions in 
http://www.nlsinfo.org/nlsy79/docs/79html/79text/achtests.htm.  Using AFQT scores as a proxy 
may be sufficient to eliminate the correlation between mothers’ unobserved ability and years of 
schooling, household income, and parental involvement, though it does not necessarily eliminate 
the presence of an unobserved family effect.  AFQT likely captures a range of environmental, 
developmental, and hereditary inputs, but there is not a consensus on whether AFQT tests 
achievement, ability, some combination of the two, or something altogether different (Neal & 
Johnson, 1996; Rodgers & Spriggs, 1996; Darity & Mason, 1998; Heckman, 1998).   

http://www.nlsinfo.org/nlsy79/docs/79html/79text/achtests.htm
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with a set of categorical dummies for mothers’ highest degree obtained.  Similarly, we replace 

children’s years of schooling (Sij) with a set of highest degree obtained dummies and estimate the 

resulting four specifications as linear probability models (LPM), where the outcomes are no high 

school diploma, high school diploma (or more), some college (or more), and 4-year college 

degree (or more).2  This allows for nonlinearities in the intergenerational transmission of 

education, perhaps driven by “sheepskin effects” associated with the diplomas and degrees 

associated with 12 and 16 years of schooling, respectively (Hungerford & Solon, 1987).  These 

regressions are reported and discussed in online appendix A, and yield qualitatively similar 

results to the “years of schooling” regressions reported in the main text.      

 Second, we generalize the main estimating equation of (4) to accommodate potential 

differences by household income, child’s gender, and household structure in the roles that 

parental involvement and summer activities play in the intergenerational transmission of 

education.  Such non-separabilities may exist for a number of reasons.  First, wealthier 

households have a greater ability to both pay for post-secondary schooling and provide physical 

resources such as books, tutoring services, and high-quality summer camps (e.g., Checchi, 2006).  

Second, a gender gap in behavioral problems and non-cognitive skills develops in early 

childhood that has been shown to partly explain the increasing share of female college students 

(Jacob, 2002).  Third, single mothers may be limited in their ability to interact with children by 

rigid or non-traditional work schedules (e.g., Bianchi, 2000; Bianchi & Robinson, 1997).  Finally, 

                                                 
2 By estimating separate LPMs rather than multinomial or ordered logit models, we avoid the 
potential biases associated with the failure of the independence of irrelevant alternatives (IIA) 
and parallel slope assumptions, respectively (Wooldridge, 2010).  Similarly, LPMs facilitate 
straightforward interpretation of the models’ interaction effects (Ai & Norton, 2003). 
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Bertrand and Pan (2013) provide evidence that the gender gap in behavioral problems and non-

cognitive skills is especially stark in single parent households. 

 

3. Data 

The 1979 National Longitudinal Survey of Youth (NLSY79) is administered by the 

Bureau of Labor Statistics and tracks the socioeconomic and labor-market outcomes of a sample 

of young adults aged 14 to 22 in 1979.  Beginning in 1986 the NLSY79 Child and Young Adult 

Supplement (CYA) provides detailed information on the children of the original NLSY79 female 

respondents, including measures of home environment, parental involvement in children’s home 

and school lives, and children’s participation in summer activities.  The CYA has followed the 

offspring of the original NLSY79 respondents to adulthood and recorded their educational 

attainment.  Importantly for the current study, this enables the comparison of mothers’ 

educational attainment to that of their children (BLS, 2011). 

After matching children in the CYA to their mothers in the NLSY79 we restrict the 

sample to offspring who were 25 or older in 2010, as this is an age at which a majority of the 

CYA sample is likely to have completed formal schooling and an age used in previous studies of 

educational mobility (e.g., Hout & Janus, 2011).  However, the qualitative results of the current 

study are robust to alternative age cutoffs, notably 27 or older in 2010, to allow for the 

completion of graduate school (Hout & Janus, 2011).  While we do not observe fathers’ 

educational attainment, Behrman and Rosenzweig (2002) and Heckman and Hotz (1986) suggest 

that mother’s education is a stronger predictor of offspring’s educational attainment and parents’ 

education levels are positively correlated due to positive-assortative mating (e.g., Lam, 1988).            
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All summary statistics and regressions reported in the main text are estimated using 

NLSY sampling weights that adjust for unequal probabilities of sample selection, as the NLSY 

and CYA oversample low-income and minority households.  However, un-weighted regression 

estimates are provided in online appendix B, as there is some debate as to whether and when 

regressions should be weighted (e.g., Wooldridge, 2010).  We find, as have others using NLSY 

data, that weighted and un-weighted regression results are qualitatively similar (e.g., 

Arcidiacono, Bayer, & Hizmo, 2010).  

Table 1 provides weighted summary statistics of the data on children’s and mothers’ 

educational attainment and the control variables that comprise the vector xij.  Educational 

attainment is observed for 4,002 child-mother pairs.  After restricting the sample to children for 

which the full set of controls, summer activity, and parental involvement data are available the 

estimation sample is comprised of 3,286 children and 2,031 mothers.  The distribution of 

mothers’ education is similar to that of children’s, though it is worth noting that both post-

secondary educational attainment and the frequency of high school dropouts increased across 

generations.  This is consistent with the basic finding of increased inequality in educational 

attainment during the years surveyed by the NLSY79 and CYA (Hout & Janus, 2011). 

The average household income experienced by children in the sample between birth and 

the age of 18 was about $51,000 in 2008 dollars.3  We average household income through age 18 

in an effort to account for the household’s permanent income throughout childhood (Rothstein & 

Wozny, 2011) and the influence of binding budget and credit constraints on the decision to enroll 
                                                 
3 Nominal household incomes reported in the NLSY79 are adjusted for inflation using the 
personal consumption expenditure deflator and 2008 as the base year (Council of Economic 
Advisors, 2012, table B-7). 
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in postsecondary education.  Similarly, mothers’ marital status is collapsed into a child-specific 

binary indicator equal to one if the mother was continuously married from the child’s birth 

through age 18; this is true for about 40% of child respondents.  The qualitative results are robust 

to instead averaging household income and marital status through age 14. 

Half of the sample’s child respondents are male, 11% are Hispanic, and 26% are black.  

The average child respondent is one of three siblings, though siblings who were not yet 25 in 

2010 are excluded from the sample.  The average birth-order position of children in the sample is 

1.6, which is also influenced by the exclusion of relatively young siblings from the sample.  

Column 1 of table 2 summarizes the key independent variables of interest: the frequency 

with which mothers read to children between birth and age 9 and binary indicators of children’s 

participation in organized summer activities and summer reading.  The CYA asks how frequently 

mothers read to the child during three periods of the child’s life: ages 0-2, 3-5, and 6-9.  The 

reading frequency data are collapsed into child-specific parental involvement measures that take 

the maximum level of parental involvement experienced by the child in any CYA survey year, 

and even this concession leaves over 700 children missing parental-involvement data.  The 

CYA’s reading frequency variable is coded in six categories, ranging from 3 (never) to 8 

(everyday).  For the purposes of the subsequent regression analysis scores of 4 (several times per 

year), 5 (several times per month), and 6 (once a week) are combined into an “intermittent” 

category and scores of 7 ( ≥ 3 times per week) and 8 are grouped in a “frequent” category.   

Substantial variation in the frequency with which mothers read to children remains after coding 

the data in this manner, as 6% of mothers reported never reading to their child through age 9, 
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43% reported reading to their child intermittently during at least one period of early childhood, 

and 47% reported reading frequently to their child during at least one period of early childhood.   

The summer activity questions ask whether the child read during summer vacation or 

participated in organized summer activities in the 1992, 1994, 1996, and 1998 surveys.  Children 

were unlikely to be asked these questions in more than one year, so the four responses are again 

collapsed into two binary variables that indicate whether the child ever reported participating in 

either summer activity.  There is substantial variation in participation in both resulting summer 

activity variables, as nearly two thirds of child respondents reported both reading and 

participating in organized activities during at least one summer vacation during childhood. 

Columns 2 and 3 of table 2 compare the average levels of parental involvement and 

summer activities of children who failed to complete high school to those who earned a four-year 

college degree.  Columns 4 and 5 provide a similar comparison based on mothers’ educational 

attainment.  In each case, the difference in means is strongly statistically significant.  A 

comparison of columns 2 and 3 shows that better-educated individuals were read to more 

frequently and are more likely to have participated in stimulating summer activities as children 

than their less-educated counterparts.  Similarly, a comparison of columns 4 and 5 shows that 

better-educated mothers are more likely to have both frequently read to their children and 

facilitated their children’s participation in enriching summer activities.  These descriptive results 

motivate the subsequent regression analyses that seek to better understand the role of parental 

involvement and children’s summer activities in the intergenerational transmission of education. 
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4. Results 

The models estimated in table 3 investigate the relationship between mothers’ and children’s 

years of schooling.  The simple regression estimated in column 1 corresponds to equation (1) and 

shows a strongly significant intergenerational correlation of 0.33.  The model estimated in 

column 2 corresponds to equation (2) and extends the simple regression to include a standard set 

of controls including mother’s age at birth and AFQT score; whether the child’s mother was 

continuously married during his or her youth; average household income during the child’s 

youth; the child’s gender, race, ethnicity, birth order, and number of siblings; and a full set of 

child birth-cohort fixed effects.  Adding these covariates to the years-of-schooling regression 

reduces the estimated coefficient on mother’s schooling by nearly 50% to 0.17, which remains 

strongly significant.4  The estimated coefficients on the controls are of the expected sign and 

consistent with the existing literature (e.g., Cameron & Heckman, 1999; Ellwood & Kane, 2000). 

 The models estimated in columns 3 and 4 of table 2 enrich the specification of column 2 

by utilizing the CYA’s rich data on children’s summer activities and parental involvement (the 

elements of p in equations (3) and (4)).  These variables enter the model estimated in column 3 

linearly.  Conditioning on these variables does not appreciably change the estimated coefficient 

on mother’s schooling, perhaps because parental involvement is highly correlated with mothers’ 

educational attainment (Guryan et al., 2008).  However, the estimated coefficients on “mother 

frequently read to child” and the children’s “summer activity” indicators are positive and 

                                                 
4 Omitting mother’s AFQT scores from the models estimated in columns 2 and 3 yields a slightly 
larger estimated coefficient on mother’s years of schooling of about 0.2.   



 
 

 

 

14 

strongly significant, suggesting that these activities are positively associated with long-run 

educational attainment. 

The estimates reported in column 4 of table 3 correspond to the baseline estimating 

equation specified in equation (4), which generalizes the specification of column 3 to allow for 

non-separabilities in the role that parental involvement and summer activities play in the 

intergenerational transmission of education.  Interestingly, including these interactions reduces 

the estimated coefficient on mothers’ years of schooling to a precisely estimated zero.  The 

“frequently reads” and “summer activity” interaction terms are positive and statistically 

significant, however, suggesting that the well-known correlation between mothers’ and 

children’s years of schooling is at least partly driven by the more stimulating home environments 

provided by better-educated mothers.  Specifically, the estimated “frequently reads”–“mothers’ 

years of schooling” interaction effect of 0.14 is similar in magnitude to the estimated coefficient 

on mothers’ years of schooling in column 3 that assumes a homogeneous relationship between 

mothers and children’s years of schooling.5 

As discussed in section 2, there are a number of reasons why the mechanism through 

which educational attainment is transmitted across generations might vary by household income, 

child’s gender, or household structure.  Accordingly, we investigate these potential sources of 

heterogeneity in tables 4 and 5 by estimating specifications that are otherwise identical to that in 

column 4 of table 3 separately by household income, child’s gender, and mother’s marital status.  
                                                 
5 Generalizations of the baseline specification estimated column 4 of table 3 that replace years of 
schooling (S) with categorical indicators of highest degree obtained are reported in online 
appendix A.  These results confirm the general finding that the observed relationship between 
mothers’ and children’s educational attainment is driven by the parental involvement and 
facilitation of summer activities of college-educated mothers. 
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Columns 1 and 2 of table 4 estimate the baseline specification for households below and above 

the median household income, respectively.  As in the main results reported in column 4 of table 

3, the by-income results in table 4 yield small and insignificant estimated coefficients on 

mothers’ schooling.  Again, much of the “effect” of mothers’ schooling is in the schooling-

frequently reads interaction terms, as the estimated interaction effects of 0.12 and 0.14 are 

similar in magnitude to those in column 4 of table 3.  It is also interesting that the estimated 

interaction effects are themselves similar in magnitude across the income distribution.6     

The effect of summer reading is similar across the income distribution, though the 

influence of children’s summer activities is stronger in wealthier households.  The latter is likely 

the result of some combination of wealthier households’ ability to provide more and higher 

quality organized summer activities.  There is also a positive yet imprecisely estimated effect of 

participation in summer activities in low-income households, which might suggest that organized 

summer programs can promote educational attainment among children in low-income 

households.  Similarly, the interaction between mothers’ schooling and participation in summer 

activities is positive and statistically significant in these households, suggesting that even in 

relatively low-income households highly educated mothers promote their children’s educational 

attainment be facilitating children’s participation in organized summer activities.  High quality 

organized summer programs may be especially important for children living in low-income 

                                                 
6 The sample was divided by the weighted household income median.  The un-weighted sample 
size is larger for households below the median income both because low-income individuals 
were oversampled and birthrates were higher in low-income households during this time period.  
Estimating the model by household income quartiles yields qualitatively similar results that are 
imprecisely estimated, perhaps due to some combination of small sample sizes and a lack of 
variation in mothers’ schooling by parental involvement within household income quartiles.   
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households and neighborhoods, as they provide an escape from potentially less stimulating home 

or neighborhood environments. 

Columns 5 and 6 of table 4 estimate the baseline specification separately for male and 

female adult children, respectively.  The intergenerational transmission of mother’s schooling is 

similar for both boys and girls, again operating through the schooling-frequently reads 

interaction term.  This is perhaps unsurprising in the presence of positive assortative mating.  

Interestingly, however, the effect of participation in summer activities is nearly twice as large for 

females, though statistically significant for both genders.  This is consistent with literature 

suggesting different trajectories for male and female achievement as well as gender differences 

in the effectiveness of social and education policy interventions (Anderson, 2008; Clampet-

Lundquist, Edin, Kling, & Duncan, 2011; Lindsay, 2011).   

Columns 7 and 8 of table 4 estimate the baseline specification separately for children 

whose parents were continuously married through childhood, and children whose parents were 

not, respectively.  The relationship between married mothers’ and children’s years of schooling 

operates through the schooling-frequently reads interaction effect.  However, for mothers who 

were not continuously married, the relationship operates through the schooling-summer reading 

interaction term.  This is perhaps the result of married mothers having more non-work time in 

which to read to children.  Similarly, the rigid work schedules of single mothers may at least 

partially explain the significantly larger effect of participation in organized summer activities 

observed for children of married parents, as many low-income and single mothers are 

constrained in their ability to pay for and arrange transportation to high-quality summer 
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programs (Chin & Phillips, 2004).  The effect of summer reading is strongly significant and 

similar in magnitude for both groups. 

Differences by gender and household structure are further investigated in table 5, as 

Bertrand and Pan (2013) find evidence of gender-specific responses of children to living in 

single parent female headed homes.  Specifically, columns 1 and 2 of table 5 estimate the 

baseline model separately by child’s gender for children in single parent homes and columns 3 

and 4 do the same for the children of continuously-married parents.  Two interesting results 

emerge.  First, despite the finding that boys in single-parent female-headed households develop 

worse non-cognitive skills and behaviors, the mechanism through which educational attainment 

is transmitted across generations does not appear to vary by child’s gender regardless of parents’ 

marital status.  Second, there is no significant direct effect of participation in summer activities 

for the male children of single mothers.  The lack of an effect of participation in organized 

summer activities for boys residing in single parent female headed homes may be related to the 

behavioral problems more common in such children.      

 

5. Conclusion and Discussion 

Using rich data from the NLSY79, the current study investigates the roles that parental 

involvement and children’s participation in stimulating summer activities play in the 

intergenerational transmission of education and in children’s educational attainment.  Controlling 

for additively separable terms in parental involvement and participation in summer activities in a 

standard intergenerational mobility model does not significantly change the estimated coefficient 

on mother’s schooling, though each measure directly predicts children’s educational attainment.  
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However, strongly significant interaction effects of mothers’ schooling with both the frequency 

at which mothers read to children and children’s participation in organized summer activities 

suggest that at least part of the intergenerational transmission of education is facilitated by the 

children of better-educated mothers experiencing richer and more stimulating home 

environments.   

The mechanisms that facilitate the transmission of educational attainment across 

generations appear to be similar across households of different income levels, though the direct 

effects of parental involvement and participation in organized summer activities on educational 

attainment are strongest in wealthier households.  Again, this may reflect the ability of such 

households to provide higher quality and/or quantities of such activities.  However, a positive 

and significant effect of participation in organized summer activities is observed in the poorest 

households as well, perhaps suggesting that such households use summer programs to 

compensate for less-stimulating home or neighborhood environments.  Girls are found to benefit 

more from participation in organized summer activities than boys, particularly in single parent 

households, though the mechanisms of intergenerational persistence of educational attainment 

are similar across genders.  These findings are generally consistent with the existing literature 

(e.g., Anderson, 2008; Bertrand & Pan, 2013; Clampet-Lundquist, et al., 2011; Lindsay, 2011).  

Interestingly, intergenerational transmission varies by household structure: it is facilitated by 

parental involvement and participation in summer activities in married households but by 

children’s summer reading in single parent female headed households.  These differences may 

result from the rigidity of single mothers’ work schedules (Bianchi, 2000; Chin & Phillips, 

2004).      
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 The NLSY79 data used in the current study are well suited for the analysis, as they 

contain rich data on both parental involvement in children’s home and school lives and 

children’s participation in summer activities.  However, these data are not without limitations.  

Importantly, the CYA data on parental involvement and children’s participation in summer 

activities may be subject to social desirability bias, as some parents may over-report the 

frequency of socially desirable activities such as reading to children.  Retrospective 24-hour time 

diaries of either children’s or parent’s time use would likely provide better measures of parental 

involvement and children’s participation in “school-like” summer activities (Juster & Stafford, 

1991).  Additionally, it would be beneficial to perform similar analyses of subsequent 

generations and cohorts, as the mechanisms through which education is transmitted across 

generations may change over time.  For these reasons, similar analyses of the Panel Study of 

Income Dynamics’ (PSID) Child Development Survey (CDS) may prove fruitful, as the PSID 

covers more recent cohorts and the CDS module contains time diaries.7 

A second potential limitation of the current study is the likely endogeneity of parental 

involvement.  For example, college-educated mothers who frequently read to their children may 

be doing other things or may possess other resources that drive the intergenerational transmission 

of education yet are unobserved by the econometrician, such as employing different parenting 

techniques or living in select neighborhoods.  As a result, the model may not fully account for 

the socioeconomic advantages inherited by some children (Harris & Robinson, 2007).  

Accordingly, it would be useful for future research to further explore the underlying causal 

mechanisms that produce the observed results by honing in on the ways in which college-
                                                 
7 Unfortunately the CDS does not collect summer time diaries. 
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educated parents who are highly involved in their children’s summer and after-school activities 

differ from their less involved counterparts.  Nonetheless, it is highly unlikely that the observed 

differential effects of parental involvement and participation in summer activities by mothers’ 

education are entirely spurious, as experimental studies have previously identified causal effects 

of parental engagement in children’s reading and participation in organized summer programs on 

academic performance (Borman, Benson, & Overman, 2005; Kim & White, 2008).  Thus, while 

the impact of parental involvement and children’s participation in summer activities on the 

intergenerational transmission of education may be somewhat overstated in the current analysis, 

these behaviors likely play important roles in the process. 

Taken at face value, the findings that parental involvement and children’s participation in 

summer activities are likely mechanisms through which educational attainment persists across 

generations have three broad policy implications.  First, the general importance of participation 

in organized summer activities provides additional support for the public provision of such 

programs.  Indeed, such programs have been shown to increase academic achievement in 

multiple contexts (e.g., Borman, Benson, & Overman, 2005; Borman, Goetz, & Dowling, 2009; 

Chaplin & Capizzano, 2006; Roderick, Jacob, & Bryk, 2004).  Furthermore, the finding that the 

effect of participation in such activities is stronger in better-educated and wealthier households 

may justify targeting such programs to students in low-performing schools or low-income 

neighborhoods on equity grounds.  

Second, the importance of parental involvement in the development of children’s reading 

skills suggests the potential benefits of a relatively low-cost informational campaign designed to 

“nudge” parents, particularly less-educated mothers, towards taking a more active role in 
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children’s development.  At least some types of parental involvement are malleable, as a recent 

randomized controlled trial of the Building Educated Leaders for Life (BELL) academic summer 

program finds positive and significant impacts on parents’ encouragement of children’s reading 

activities (Chaplin & Capizzano, 2006).  Generally, the finding that parental involvement matters 

is consistent with previous literature on the importance of parents taking an active interest in the 

development of children’s literacy skills (Kim & White, 2008) and the importance of parents 

prioritizing and facilitating children’s attendance of summer programs (Borman et al., 2005).  

Regarding the latter, the current study’s finding that the effect of summer programs is larger for 

the children of married parents suggests that providing transportation to such programs is just as 

important as financial support, as the rigid work schedules of single parents and low-income 

households likely limit children’s participation.  Again, this is consistent with the issues raised in 

previous research (Chin & Phillips, 2004; Ramey & Ramey, 2010). 

Finally, the potential importance of parental involvement suggests the benefits of 

expanding the availability and capacity of in-school mentoring programs (Heckman & 

Rubinstein, 2001).  Reviews of mentoring programs regularly find positive impacts on students’ 

attendance and behavior (Randolph & Johnson, 2008; Wheeler, Keller, & DuBois, 2010), the 

types of non-cognitive skills positively associated with long-run outcomes such as educational 

attainment, earnings, and employment (e.g., Heckman & Rubinstein, 2001; Jackson, 2013).  

Similarly, a critical challenge faced by many first-generation college goers is their parents’ lack 

of social and cultural capital with regards to the college application procedure (e.g., Lareau & 

Weininger, 2008).  Recent interventions have addressed  this problem by providing information, 

counseling, and mentoring services to potentially college-bound students in low-income high 
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schools and have increased both the number of submitted college applications and the likelihood 

of attending 4-year and more-selective institutions (e.g., Hoxby & Turner, 2013; Stephan & 

Rosenbaum, 2012).  Both general and college-specific mentoring could thus serve to improve the 

educational attainment and associated labor-market outcomes of disadvantaged students.   

Our study provides preliminary support for the hypothesis that the intergenerational 

transmission of educational attainment is at least partially facilitated by differences in the 

frequency and quality of parental involvement provided by highly-educated parents (e.g., 

Checchi, 2006; Guryan et al., 2008; Ramey & Ramey, 2010).  If this is the case, targeting the 

policy interventions described above to socioeconomically-disadvantaged children at an early 

age may increase educational attainment in a relatively cost effective manner.  In fact, such 

policies may complement existing interventions targeting disadvantaged households and 

ultimately play a role in reducing the persistence of low educational attainment. 

  



 
 

 

 

23 

References     
 
Ai, C., and E. C. Norton. (2003). Interaction terms in logit and probit models.  

Economics Letters, 80(1): 123-129. 
Altonji, J. G., Bharadwaji, P., & Lange, F. (2012). Changes in the Characteristics of American 

Youth: Implications for Adult Outcomes. Journal of Labor Economics, 30(4), 783-828. 
Anderson, M. L. (2008). Multiple Inference and Gender Differences in the Effects of  

Early Intervention: A Reevaluation of the Abecedarian, Perry Preschool, and Early 
Training Projects. Journal of the American Statistical Association, 103, 1481-1495. 

Arcidiacono, P., Bayer, P., & Hizmo, A. (2010). Beyond Signaling and Human Capital: 
Education and the Revelation of Ability. American Economic Journal: Applied 
Economics, 2(4), 76-104.  

Avvisati, F., Besbas, B., & Guyon, N. (2010). Parental Involvement in School: A Literature 
Review. Revue d'Economie Politique, 120(5), 759-778. 

Becker, G., & Tomes, N. (1979). An Equilibrium Theory of the Distribution of Income and 
Intergenerational Mobility. Journal of Political Economy, 87(6), 1153-1189. 

Becker, G., & Tomes, N. (1986). Human Capital and the Rise and Fall of Families. Journal of 
Labor Economics, 4(3-2), S1-S39. 

Behrman, J. R., & Rosenzweig, M. R. (2002). Does Increasing Women’s Schooling Raise the 
Schooling of the Next Generation? The American Economic Review, 92(1), 323-334. 

Bertrand, M., and J. Pan. 2013. “The trouble with boys: Social influences and the gender  
gap in behavior.” American Economic Journal: Applied Economics, 5(1), pp. 32-64. 

Bianchi, S. (2000). Maternal employment and time with children: Dramatic change or  
surprising continuity? Demography, 37(4): 401-414.  

Bianchi, S. M., and J. Robinson. (1997). What did you do today? children's use of time, family 
composition, and the acquisition of social capital. Journal of Marriage and the Family, 
59(2): 332-344. 

Blanden, J., Gregg, P., & Machin, S. (2005). Intergenerational Mobility in Europe and North 
America. In: Centre for Economic Performance. 

Blau, D. (1999). The Effect of Income on Child Development. Review of Economics and 
Statistics, 81(2), 261-276. 

Bloome, D., & Western, B. (2011). Cohort Change and Racial Differences in Educational and 
Income Mobility. Social Forces, 90(2), 375-395. 

Borman, G. D., Benson, J., & Overman, L. T. (2005). Families, schools, and summer  
learning.The Elementary School Journal, 106(2), 131-150. 

Borman, G. D., Goetz, M. E., & Dowling, N. M. (2009). Halting the summer  
achievement slide: A randomized field trial of the KindergARTen Summer Camp. 
Journal of Education for Students Placed at Risk, 14(2), 133-147. 

Burkam, D. T., Ready, D. D., Lee, V. E., & LoGerfo, L. F. (2004). Social-class differences in 
summer learning between kindergarten and first grade: Model specification and 
estimation. Sociology of Education, 77(1), 1-31. 

Cameron, S. V., & Heckman, J. J. (2001). The Dynamics of Educational Attainment for Black, 
Hispanic, and White Males. Journal of Political Economy, 109(3), 455-499. 



 
 

 

 

24 

Card, D. (1999). The causal effect of education on earnings. In O. C. Ashenfelter & D. Card  
(Eds.), Handbook of Labor Economics, Vol. 3A (pp. 1802-1864).  Amsterdam: North- 
Holland. 

Chaplin, D. & Capizzano, J. (2006).  Impacts of a Summer Learning Program: A Random 
Assignment Study of Building Educated Leaders for Life (BELL). Washington, DC: 
Urban Institute.  http://www.urban.org/uploadedPDF/411350_bell_impacts.pdf 
(Accessed July 22, 2012). 

Checchi, D. (2006). The Economics of Education: Human Capital, Family Background,  
and Inequality. New York, New York: Cambridge University Press. 

Chin, T., and M. Phillips. (2004) Social reproduction and child-rearing practices: Social  
class, children's agency, and the summer activity gap. Sociology of Education, 77(3): 
185-210. 

Clampet-Lundquist, S., Edin, K., Kling, J. R., & Duncan, G. D. (2011). Moving  
Teenagers Out of High-Risk Neighborhoods: How Girls Fare Better than Boys. American 
Journal of Sociology, 116, 1154-1189.  

Council of Economic Advisors. (2012). Economic report of the president. Washington, DC. 
Covay, E., & Carbonaro, W. (2010). After the Bell: Participation in Extracurricular Activities, 

Classroom Behavior, and Academic Achievement. Sociology of Education, 83(1), 20-45. 
Dahl, G.B., & Lochner, L. (2012). “The Impact of Family Income on Child Achievement:  

Evidence from Changes in the Earned Income Tax Credit.” American Economic Review,  
Vol. 102, No. 5, pp. 1927-1956. 

Darity, W. A., & Mason, P. L. (1998). Evidence on Discrimination in Employment: Codes of 
Color, Codes of Gender. Journal of Economic Perspectives, 12(2), 63-90. 

Downey, D. B., von Hippel, P. T., & Broh, B. (2004). Are Schools the Great Equalizer? 
Cognitive Inequality During the Summer Months and the School Year. American 
Sociological Review, 69(5), 613-635. 

Duncan, G. J., & Brooks-Gunn, J. (2000). Family Poverty, Welfare Reform, and Child 
Development. Child Development, 71(1), 188-196. 

Ellwood, D. T., & Kane, T. J. (2000). Who is Getting a College Education?  Family Background 
and the Growing Gaps in Enrollment In S. Danziger & J. Waldfogel (Eds.), Securing the 
Future: Investing in Children from Birth to College (pp. 283-324). New York: Ford 
Foundation. 

Entwisle, D. R., Alexander, K. L., & Olson, L. S. (2001). Keep the faucet flowing: Summer 
learning and home environment. American Educator, 25(3), 10-15, 47. 

Ermisch, J., & Pronzato, C. (2011). Causal Effects of Parents’ Education on Children’s 
Education. In T. M. Smeeding, R. Erikson & M. Jäntti (Eds.), Persistence, Priviledge, 
and Parenting (pp. 209-236). New York: Russell Sage Foundation. 

Gershenson, S. (2012). Is there a summer gap in children’s or parents’ time use? Unpublished 
Manuscript: School of Public Affairs, American University. 

Guldi, M., Page, M. E., & Stevens, A. H. (2007). Family Background and Children’s Transitions 
to Adulthood over Time. In S. Danziger & C. E. Rouse (Eds.), The Price of Independence 
(pp. 261-277). New York: Russell Sage Foundation. 



 
 

 

 

25 

Guryan, J., Hurst, E., & Kearney, M. (2008). Parental education and parental time with children. 
The Journal of Economic Perspectives, 22(3), 23-46. 

Hardy, B. L. (2012). Childhood Income Volatility and Adult Outcomes. Unpublished 
Manuscript: School of Public Affairs, American University. 

Haveman, R., & Wolfe, B. (1995). The determinants of children’s attainments: A review of 
methods and findings. Journal of Economic Literature, 33(4), 1829-1878. 

Heckman, J. J. (1998). Detecting Discrimination. Journal of Economic Perspectives, 12(2), 101-
116. 

Heckman, J. J., & Hotz, J. (1986). An Investigation of the Labor Market Earnings of Panamanian 
Males Evaluating the Sources of Inequality. Journal of Human Resources, 21(4), 507-
542. 

Heckman, J. J., and Y. Rubinstein. 2001. “The importance of non-cognitive skills: Lessons from  
the GED testing program.” American Economic Review, 91(2), pp. 145-149.  

Hertz, T., Jayaundera, T., Piraino, P., Selcuk, S., Smith, N., & Verashchagina, A. (2007). The 
Inheritance of Educational Inequality: International Comparisons and Fifty-Year Trends. 
The B.E. Journal of Economic Analysis and Policy, 7(2), Article 10. 

Hoxby, C., & Turner, S. (2013). Expanding college opportunities for high-achieving, low income 
students. Stanford, CA: Stanford Institute for Economic Policy Research. Retrieved from 
http://siepr.stanford.edu/publicationsprofile/2555 

Hout, M., & Janus, A. (2011). Educational Mobility in the United States since the 1930s. In G. 
Duncan & R. Murnane (Eds.), Whither Opportunity? Rising Inequality, Schools, and 
Children's Life Chances (pp. 165-186). New York: Russell Sage Foundation. 

Hungerford, T., & Solon, G. (1987). Sheepskin Effects in the Return to Education. Review of 
Economics and Statistics, 69, 175-177. 

Jackson, C. K., 2013. “Non-cognitive ability, test scores, and teacher quality: Evidence from 9th  
grade teachers in North Carolina.” Unpublished manuscript. 

Jacob, B. A. 2002. “Where the boys aren’t: Non-cognitive skills, returns to school, and the 
gender gap in higher education.” Economics of Education Review, 21(6), 589-598. 

Juster, F. T., & Stafford, F. P. (1991). The allocation of time: Empirical findings, behavioral 
models, and problems of measurement. Journal of Economic Literature, 29(2), 471-522. 

Kalil, A., Ryan, R., & Corey, M. (2012). Diverging Destinies: Maternal Education and the 
Developmental Gradient in Time With Children. Demography, 49(4), 1361-1383. 

Kim, J. S. (2006). Effects of a Voluntary Summer Reading Intervention on Reading 
Achievement: Results from a Randomized Field Trial. Educational Evaluation and 
Policy Analysis, 28(4). 

Kim, J. S., & White, T. G. (2008). Scaffolding voluntary summer reading for children in Grades  
3 to 5: An experimental study. Scientific Studies of Reading, 12, 1–23. 

Ladd, H. (2012). Education and Poverty: Confronting the Evidence. Journal of Policy Analysis 
and Management, 31(2), 203-227. 

Lam, D. (1988). Marriage Markets and Assortative Mating with Household Public Goods: 
Theoretical Results and Empirical Implications. Journal of Human Resources, 23, 462-
487. 

Lareau, A., & Weininger, E. B. (2008). Class and the transition to adulthood. In A. Lareau & D.  

http://siepr.stanford.edu/publicationsprofile/2555


 
 

 

 

26 

Conley (Eds.), Social Class: How Does It Work? (pp. 118-151). New York: Russell Sage 
Foundation. 

Lindsay, C. A. (2011). All Middle-Class Families Are Not Created Equal: Explaining the  
Contexts that Black and White Families Face and the Implications for Adolescent 
Achievement. Social Science Quarterly, 92, 761-781. 

Lochner, L. (2011). Nonproduction Benefits of Education: Crime, Health, and Good Citizenship.  
In E. Hanushek, S. Machin, & L. Woessman (Eds.), Handbook of the  
Economics of Education Vol. 4 (pp. 183-282). Amsterdam: North-Holland. 

Neal, D., & Johnston, W. (1996). The Role of Premarket Factors in Black-White Wage 
Differences. Journal of Political Economy, 104(5), 869-895. 

Oreopoulos, P., Page, M. E., & Stevens, A. H. (2006). The intergenerational effects of  
compulsory schooling. Journal of Labor Economics, 24(4), 729-760. 

Phillips, M. (2011). Parenting, time use, and disparities in academic outcomes. In G. Duncan & 
R. Murnane (Eds.), Whither Opportunity? Rising Inequality, Schools, and Children's Life 
Chances (pp. 207-228). New York: Russell Sage Foundation. 

Pronzato, C. (2010). An examination of paternal and maternal intergenerational transmission of 
schooling. Journal of Population Economics, 25, 591-608. 

Ramey, G., & Ramey, V. A. (2010). The rug rat race. Brookings Papers on Economic 
Activity(Spring), 129-199. 

Randolph, K. A., & Johnson, J. L. (2008). School-based mentoring programs: A review of the  
research. Children & Schools, 30(3), 177-185. 

Reardon, S. F. (2013). No Rich Child Left Behind. The New York Times.  April 28, 2013, section 
SR1 

Roderick, M., Jacob, B.A., & Bryk, A.S. (2004). Summer in the City: Achievement gains in 
 Chicago’s Summer Bridge Program. In G.D. Borman & M. Boulay (Eds.), Summer  
 learning: Research, policies, and programs (pp. 73-102). Mahwah, New Jersey: 
 Lawrence Erlbaum Associates. 
Rodgers III, W., & Spriggs, W. (1996). What Does AFQT Really Measure: Race, Wages, 

Schooling and the AFQT Score. Review of Black Political Economy, 24(4), 13-46. 
Rothstein, J., & Wozny, N. (2011). Permanent Income and The Black-White Test Score Gap. In  

NBER Working Paper Series 17610. 
Solon, G. (1999). Intergenerational Mobility in the Labor Market. In O. C. Ashenfelter & D. 

Card (Eds.), Handbook of Labor Economics. Amsterdam: Elsevier. 
Solon, G. (2004). A Model of Intergenerational Mobility Variation over Time and Place. In M. 

Corak (Ed.), Generational Income Mobility. Cambridge, UK: Cambridge University 
Press. 

Stephan, J., & Rosenbaum, J. (2012). Can High Schools Reduce College Enrollment Gaps with a  
New Counseling Model? Forthcoming, Educational Evaluation and Policy Analysis. 

Todd, P. E., & Wolpin, K. E. (2007). The Production of Cognitive Achievement in Children: 
Home, School, and Racial Test Score Gaps. Journal of Human Capital, 1(1), 91-136. 

United States Department of Labor (2011). National  Longitudinal Surveys – General 
Overviews. http://www.bls.gov/nls/overview.htm 

Wheeler, M. E., Keller, T. E., & DuBois, D. L. (2010). Review of Three Recent Randomized  

http://www.bls.gov/nls/overview.htm


 
 

 

 

27 

Trials of School-Based Mentoring. Social Policy Report, 24(3). 
Wooldridge, J.M., 2010. Econometric Analysis of Cross Section and Panel Data. 2nd Edition. 

Cambridge, MA: MIT Press. 
  



 
 

 

 

28 

 

  

Table 1: Sample Summary Statistics 
Child's years of schooling 12.9 

 (2.4) 
No H.S. diploma 23.0% 
H.S. diploma 29.3% 
Some college 28.5% 
4-year College degree 19.2% 

Mom's years of schooling 12.6 
 (2.2) 
No H.S. diploma 12.8% 
H.S. diploma 49.7% 
Some college 26.6% 
4-year college degree 10.8% 

Mom's AFQT score 34940 
 (26763) 
Mom's age at birth 21.0 
 (3.0) 
Average household income $50559 
 (51208) 
Continuously married 39.1% 
Male  49.8% 
Hispanic 11.3% 
Black 11.3% 
Siblings 2.9 
 (1.3) 
Birth Order 1.6 
 (0.8) 
N (Moms, unweighted) 2031 
N (Children, unweighted) 3286 
Notes: Parentheses contain standard 
deviations of non-binary variables.  
All means and standard deviations 
were computed using sampling 
weights that account for unequal 
probabilities of sample selection.    
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Table 2: Participation in reading and summer activities by educational attainment 

 Child’s Attainment  Mom’s Attainment 
 All No H.S. College* No H.S. College* 
 1 2 3 4 5 
Mom reads to child (3-8)      

Never (3) 6.4% 9.0% 3.9% 12.9% 5.2% 
Intermittently (4,5,6) 42.8% 47.2% 33.0% 47.0% 31.7% 
Frequently (7,8) 46.5% 37.9% 61.1% 32.4% 59.9% 

Summer Activity 61.5% 54.6% 76.6% 48.4% 72.5% 
Summer Reading 63.2% 52.1% 76.3% 58.4% 74.4% 
N (Moms, unweighted) 2031 650 449 254 215 
N (Children, unweighted) 3286 848 526 505 321 
Notes:  Parentheses contain standard deviations of non-binary variables.  All means and 
standard deviations were computed using sampling weights that account for unequal 
probabilities of sample selection.   *In columns 3 and 5, the mean of each variable is 
significantly different from that in columns 2 and 4, respectively, at 1% confidence.  
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Table 3: Child’s Years of Schooling Regressions (OLS) 

 (1) (2) (3) (4) 
Mom’s years of schooling (S) 0.33 0.17 0.16 0.02 

 
(0.02)*** (0.03)*** (0.03)*** (0.04) 

Mom never read to child   -0.05 -0.07 
   (0.17) (0.17) 
Mom frequently read to child   0.24 0.14 
   (0.10)** (0.11) 
S*Mom never read to child    0.10 
    (0.07) 
S*Mom freq. read to child    0.14 
    (0.05)*** 
Summer reading   0.48 0.44 
   (0.10)*** (0.10)*** 
Summer organized activity   0.44 0.40 
   (0.09)*** (0.09)*** 
S*Summer reading    0.06 
    (0.04) 
S*Summer activity    0.07 
    (0.04)* 
Age at birth 

 
0.11 0.11 0.10 

  
(0.02)*** (0.02)*** (0.02)*** 

HH income 
 

0.00 0.00 0.00 

  
(0.00)*** (0.00)*** (0.00)*** 

Cont. married 
 

0.75 0.68 0.66 

  
(0.12)*** (0.11)*** (0.11)*** 

Male 
 

-0.84 -0.79 -0.79 

  
(0.09)*** (0.09)*** (0.09)*** 

Hispanic 
 

0.05 0.08 0.05 

  
(0.13) (0.13) (0.13) 

Black  
 

0.19 0.19 0.19 

  
(0.11)* (0.12) (0.11)* 

Siblings 
 

-0.04 -0.03 -0.05 

  
(0.04) (0.04) (0.04) 

Birth order 
 

-0.37 -0.34 -0.32 

  
(0.06)*** (0.06)*** (0.06)*** 

Control for AFQT score No Yes Yes Yes 
Birth-cohort fixed effects No Yes Yes Yes 
Adjusted R2 0.09 0.21 0.23 0.24 
Notes:  Estimating sample comprised of 3286 children of 2031 mothers.  Parentheses 
contain standard errors clustered at the mother (family) level.  All regressions are 
weighted to account for unequal probabilities of sample selection.  ***, **, and * 
indicate 2-tailed p-values below 0.01, 0.05, and 0.1, respectively.    
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Table 4: Child’s Years of Schooling Regressions by Household Income, Gender, and 
Household Structure (OLS) 

  Household 
Income  Child’s 

Gender  Mother’s 
Marital Status  

 Below 
median 

Above 
median Boys Girls Married Non-

married 
 (1) (2) (3) (4) (5) (6) 
Mom’s schooling (S) 0.01 0.04 0.03 0.03 0.02 0.07 
 (0.05) (0.08) (0.05) (0.06) (0.07) (0.05) 
Mom never read  -0.18 0.14 -0.08 -0.09 -0.24 -0.10 
 (0.22) (0.29) (0.23) (0.24) (0.36) (0.18) 
Mom freq. read -0.03 0.30 0.09 0.19 0.07 0.11 
 (0.14) (0.17)* (0.15) (0.15) (0.20) (0.12) 
S*Mom never read 0.11 0.06 0.08 0.09 0.17 -0.02 
 (0.10) (0.13) (0.08) (0.12) (0.12) (0.09) 
S*Mom freq. read 0.12 0.14 0.14 0.12 0.22 0.06 
 (0.07)* (0.07)** (0.06)** (0.06)* (0.08)*** (0.05) 
Summer reading 0.40 0.50 0.38 0.52 0.48 0.51 
 (0.12)*** (0.16)*** (0.14)*** (0.14)*** (0.19)** (0.11)*** 
Summer activity 0.17 0.66 0.28 0.50 0.64 0.21 
 (0.12) (0.15)*** (0.13)** (0.13)*** (0.17)*** (0.10)** 
S*Summer reading 0.04 0.06 0.07 0.05 -0.07 0.12 
 (0.05) (0.06) (0.05) (0.06) (0.07) (0.04)*** 
S*Summer activity 0.11 0.01 0.05 0.08 0.13 -0.00 
 (0.05)** (0.07) (0.05) (0.06) (0.07)* (0.05) 
Adjusted R2 0.14 0.20 0.21 0.22 0.23 0.19 
N (Moms, unwtd.) 1,103 976 1,288 1,299 667 1,399 
N (Kids, unwtd.) 1,829 1,457 1,625 1,661 1,081 2,205 
Notes: Parentheses contain standard errors clustered at the mother (family) level.  All 
regressions are weighted to account for unequal probabilities of sample selection.  ***, **, and 
* indicate 2-tailed p-values below 0.01, 0.05, and 0.1, respectively.  Each regression 
specification is equivalent to that in column 4 of table 3. Estimated coefficients of the controls 
are not reported here in the interest of brevity, but are similar to those reported in table 2.  The 
median weighted household income is $38,806 in 2008 dollars. 
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Table 5: Child’s Years of Schooling Regressions by Gender and Household Structure 
(OLS) 
   Single Mom  Married Mom 
 Boys Girls Boys Girls 

 (1) (2) (3) (4) 
Mom’s schooling (S) 0.05 0.10 0.04 0.07 

 (0.06) (0.07) (0.10) (0.12) 
Mom never read  -0.05 -0.21 -0.43 0.11 
 (0.25) (0.27) (0.44) (0.54) 
Mom freq. read 0.12 0.10 -0.06 0.24 
 (0.17) (0.17) (0.27) (0.27) 
S*Mom never read 0.07 -0.16 0.11 0.22 
 (0.08) (0.16) (0.15) (0.16) 
S*Mom freq. read 0.07 0.05 0.22 0.22 
 (0.07) (0.08) (0.11)** (0.11)** 
Summer reading 0.44 0.60 0.47 0.47 
 (0.16)*** (0.16)*** (0.26)* (0.29) 
Summer activity 0.08 0.32 0.54 0.74 

 (0.15) (0.14)** (0.26)** (0.23)*** 
S*Summer reading 0.11 0.13 -0.03 -0.14 

 (0.06)** (0.07)* (0.08) (0.11) 
S*Summer activity 0.01 -0.02 0.09 0.13 
 (0.06) (0.07) (0.10) (0.09) 
Adjusted R2 0.15 0.18 0.18 0.19 
N (Moms, unwtd.) 865 897 436 415 
N (Kids, unwtd.) 1,065 1,140 560 521 
Notes: Parentheses contain standard errors clustered at the mother (family) level.  All 
regressions are weighted to account for unequal probabilities of sample selection.  ***, **, 
and * indicate 2-tailed p-values below 0.01, 0.05, and 0.1, respectively.  Each regression 
specification is equivalent to that in column 4 of table 3. Estimated coefficients of the 
controls are not reported here in the interest of brevity, but are similar to those reported in 
table 4. 
 


